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Project Background

Clinical Problem: Hypoglycemia (low blood sugar) is a common complication of diabetes, associated with higher mortality and
longer hospital stays.

Challenge: The large volume and complexity of healthcare data make accurate prediction of hypoglycemia difficult.
Project Aim: Develop a model to predict whether a patient will experience a hypoglycemic event within the next 24 hours.

Intended Use: Run the model daily on current patients and deliver predictions to ward nurses at the start of each day. Early
Identification of high-risk patients enables proactive monitoring and intervention by the care team.
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Business Impact
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* Early daily warning system * Provides insights to clinicians on * Helps ward nurses and less
* Less than 13% false positive rate, factors that are associated with experienced doctors identify and
ensuring trust in model predictions hypoglycemic events, including both focus on at-risk patients, for better
global and local understanding patient care and early intervention
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